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Predictive dimensions differentially modulated for high/low network pattern activity during inter- and intra-
network interactions. 1. Semedo et al. Neuron, vol. 102, no. 1, pp. 249-259.e4, 2019.
Top left: sum of %dimensions spanned in the target space during different patterns. ANOVA showed significant difference 2. Zielinski et al. Hippocampus, vol. 30, no. 1, pp. 60-72, 2020.
— o S among the patterns and Wilcoxon paired t-tests showed significant difference among different regional interactions (all p’s < This research was conducted as a part of the Brandeis Computational Neuroscience Traineeship Program under NIH
Example of a target neuron w hose activity increases along regression dimension 0.001). Top middle and right: sum of %dimensions spanned in the target space during periods of high vs. low activities. Training Grant SR90DA033463-09. It was also supported by NIH Grant RO1 MH112661. Many thanks to members of
Dimensions of spiking interactions differ by network patterns Bottom: lower dimensional interactions between brain regions as compared with within brain regions. the Jadhav Lab and friends who helped and supported me in this project.




